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Nonlinear Model Predictive Control Mi E
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Nonlinear Model Predictive Control
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Simultaneous Collocation Approach
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NLP Sensitivity
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Fast Feedback with NLP Sensitivity
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Low-Density Polyethylene — Grade Transitions
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Material Balances - ODEs
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Industrial Case Study
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Optimal Feedback Policy = (On-line Computation 351 SECOHdS)
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Industrial Case Study

Optimal Feedback Policy vs. Real-Time Approach = (On-line Computation 1.04 SecondS)
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Effect of NLP Sensitivity on Warm-Starts
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Conclusions Mi E

Retain Detailed DAE Models — Consistency

Accommodate in Real-Time NMPC

Fast Computational Framework for Large-Scale NMPC
Simultaneous Collocation Approach
Interior-Point Algorithms
NLP Sensitivity

Challenging LDPE Grade Transition Case Study
Fast Close-to-Optimal Feedback
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Nominal Stability of Real-Time NMPC — Diehl, et. al. (2004), Santos & Biegler (2001)
Stronger Perturbations, Active-Set Changes - Wright (2001), Gondzio (2002)
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